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selection criterion 1 2 3 4 5 6 7 8 9 10 mode mean
minimum PRESS 0 0 6v 13 2 4 4 3 3 4 3 40 06
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MSE™! 0 0o 0o 0 0 27 73 0 0 O 7 60 73
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0.632 bootstrap estimate
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