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Diagnostic Tests:
Jarque Bera Test
data: Residuals
X-squared = 7.5265, df = 2, p-value = 0.02321
Box-Ljung test
data: Squared.Residuals
X-squared = 7.4542, df = 1, p-value = 0.006329
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Coefficient(s):

Estimate Std. Error t value Pr(;—t—)

a0 1.849¢-05 6.897¢-06 2.681 0.00735 **

al 1.171e-08 4.082e-02 0.000 1.00000

a2 4.585e-03 4.150e-02 0.110 0.91202

a3 9.905e-02 5.721e-02 1.731 0.08340 .

ad 2.135e-01 7.757e-02 2.752 0.00593 **

bl 6.446e-01 6.882e-02 9.366 | 2e-16 ***
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